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AdaBoost(D, Y, BaseLeaner, k)

1. Initialize D\(w;) < 1/n for all i; initialize the weights

2. forr=1tokdo

3. /; < BaseLearner(D,): build a new classifier £,

4 e « Z D,(w,): compute the error of /;
i f (D(x;)2y;

5. if ¢, > "> then if the error is too large,

6. k«k-1; remove the iteration and

7. exit-loop exit

8. else

9. B—el(1-e¢);

10 Dys1(wy) <= Dfw;) x [B, i f(D(x)= Y1, // update the weights

1 otherwise

L Dyy(w)) « u normalize the weights
Z,—x D, (w;)
12} endif
13. endfor
4 1 ~ fins slaccifiar
14. f nat(X) ill‘gl)l'lllx Z 10(:,_} the final output classifier
e tf(x)=y 't

[¥ +] Adaboost &3, 51 ;7Y IS

Ol S alis g 4 k)2 Jba e 025 oty adila k) (o) adlin adly &by ) ealiial b &y S
Y G 1/n s A sl ya ) O Al ja ead () sA) i base learner 48 ¥ LA c(J}.fA:m
S IS Glite s 05 L led ol DL asliie 4S 3 gk e D2 (o3 4l 4 sana <SS
i b 581 gl cediulaa Pl jafislha a5l o ¥ Ba 50 1) fi pan o2 (g2 4iids
Jug 5 s 33 Jasha (0-Y haghi) a5 ez JA 5250 e S HSS 3L S )

AL (e gm0 (sl 021 (gaby Al (AL o) (D s

- .

e

@gﬁjmuw@@wm&'%"d\ﬁuaﬁdm@kma@m (il 43 gal A () g
(D005 6K 6l )l sadisals Glin VP lad 534S i 0l

PV ] Lh QS ane 4 Jld 528« IS bagging ) e 20) s« 1) 53 Boosting

2Rl W gy =YV

a3 a1 e Sl b 3l (sla s 31 Le Caad ol
" adaliila byl YY)

sl oald Ghgy cpl ) el o palalll n-fo|d¢i=.l§:m L)) 8l S S ealdde gane aS B
Gl de gana (Ol sie 4 4o sana ) B 258 (o0 a5 sk 0 ) L de gana ) n 4 2 5e
SR (51 () 3al ds sama () sie 40 4S ke e (Bl B0 e sene )Nl 5 25 (e oli
e B 0 (e Sl 5358 e ST Jlin i) G 00 (e S XS (g3 aiha
= o0&l “5_fold” 5 «“10-fold” ) e a8l e o il 02)d Ao gana ) o2l 03 ) (paedS

»

g™

3 Cross-Validation 4
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L) 0% 213 LAl 4Ll ) ja () sie 4n A4S (5] 4ali ) e Al ((TP)C yd Cudia
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0.8 |
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S 3 S
2 f
b= i
E 0.4 ;
= i
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: random
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0 1 L L )
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False Positive Rate

[FY]ROC inie :V-Y JSi

1k e — YA
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4 Ofinad 5 ead o b 4elijon E1s) A 8 Gl Sl g Glise g 48 5 I sise S
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Abstract:

Nowadays, spams is one of the main problems for search engines, because they causes
undesirable quality of search results. In recent years, there have been many developments in
detection of fake pages, but on the contrary the new spam techniques have emerged. It is
necessary to outshine these attacks by improving anti-spam techniques.

There is a common problem in this respect that many of the documents have gained high
rating by the search engine while they did not deserve. According to the web expanding and
the emergence of new spam techniques, the purpose of this thesis is to investigate new
method based on data mining techniques to better identify the spam pages of nonspam pages.

Data mining algorithms and softwares are the tools used in this study. We have provided
optimal models by UK2007 standard data sets and Weka software and we tried to introduce a
good performance models with reduced features to detect spam pages of nonspam.
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